In the main paper, we provided a theoretical derivation of how the number of trials, T , should affect the single-subject t statistic. To show how this theoretical effect plays out in real data at the group level, we repeated the analyses used in Figures 4 and 9 in the main paper using only the first T trials from each experiment, for different values of T .
Effect of number of trials, T , in real data
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The results of this analysis are shown in figure S1 for the case of fixed reward probability [10] , and in figure S2 for the case of a drifting reward [3] . In both cases, as expected, increasing the number of trials increases the group level t value and sharpens the dependence of the t statistic on the learning rate. This latter point is especially clear in figure S2 , in which the original experiment involved more trials, and thus we were able to vary T over a wider range. A B Figure S1 . Effect of varying the number of trials, T , on the group level t statistic for data from [10] . Increasing T increases the group level t statistic for both value and prediction error. A B Figure S2 . Effect of varying the number of trials, T , on the group level t statistic for data from [3] . Increasing T increases the group level t statistic for both value and prediction error. In addition, the t value becomes more strongly modulated by learning rate as T increases.
